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Abstract
In the digital age, Al-driven and data-driven
marketing  strategies  have  transformed

consumer-brand interactions, yet their impact on
brand engagement remains underexplored,
particularly in fashion retail. This study
investigates how Al-powered personalization,

predictive recommendations, and chatbots,
alongside  data-driven  segmentation  and
historical  analysis, influence  cognitive,

emotional, and behavioral engagement among
UK online fashion consumers. A quantitative
survey was conducted with 350 participants, and
reliability, validity, and structural equation
modeling analyses were performed. Findings
reveal that both Al- and data-driven marketing
strategies  significantly ~ enhance  brand
engagement, with consumer preferences and
behavioral patterns serving as critical mediators.
The results highlight that effective marketing
requires not only technological sophistication but
also an understanding of the psychological and
behavioral mechanisms driving consumer
interactions.  This study addresses the
“quantitative illusion of wunderstanding” by
bridging strategic inputs with consumer
experiences, providing practical insights for
fashion retailers seeking to foster authentic
engagement. Implications for theory and practice
are discussed, and directions for future research,
including cross-industry studies, longitudinal
analysis, and ethical considerations in hyper-
personalized marketing, are proposed.
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Resumo

Na era digital, as estratégias de marketing
baseadas em IA e em dados transformaram as
interagBes entre consumidores e marcas; no
entanto, seu impacto no engajamento com a
marca ainda é pouco explorado, especialmente
no varejo de moda. Este estudo investiga como
a personalizacdo impulsionada por IA, as
recomendacdes preditivas e 0s chatbots,
juntamente com a segmentacdo baseada em
dados e a analise histérica, influenciam o
engajamento cognitivo, emocional e
comportamental entre os consumidores de moda
online do Reino Unido. Foi realizada uma
pesquisa quantitativa com 350 participantes, e
foram realizadas andlises de confiabilidade,
validade e modelagem de equacdes estruturais.
Os resultados revelam que tanto as estratégias
de marketing baseadas em IA quanto as
baseadas em dados aumentam
significativamente o engajamento com a marca,
com as preferéncias dos consumidores e o0s
padrdes comportamentais atuando como
mediadores criticos. Os resultados destacam
que um marketing eficaz requer ndo apenas
sofisticagcdo tecnoldgica, mas também uma
compreensdo dos mecanismos psicolégicos e
comportamentais  que  impulsionam  as
interacBes dos consumidores. Este estudo
aborda a “ilusdo quantitativa de compreensdo”
ao conectar inputs estratégicos com as
experiéncias do consumidor, fornecendo
insights praticos para varejistas de moda que
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1 INTRODUCTION

In the age of the internet, companies, particularly in fast-moving industries like
fashion retail, are inundated with untold customer data, including clicks, views, likes, and
purchase histories. Never before has a time like this existed; a paradox where a company
has endless metrics and yet no idea that their customers are the 'why' behind their actions
eludes the company. This difference between data gathering and actionable insights is at
the heart of today's marketing challenges (Yazdani & Darbani, 2023; Papi¢ et al., 2023).
Traditionally, marketing logic was based on a mass marketing paradigm driven through
broadcast media with the more or less stable (product)-generations in the form of
(product)-squads. Brands could anticipate consumer behaviour by using statistical data to
inform their approach. However, the situation has dramatically changed in today's
fragmented media environment, where consumers are no longer just message recipients
but also message generators and co-creators of a brand's story conversation (Zhong &
Zhang, 2022). This change has resulted in hyper-personalisation, whereby, predominantly
influenced by artificial intelligence (Al) development, brands can create personalised
experiences that connect on a personal level (Huang & Qian, 2021; Kuvass, 2018).

This proposal thus argues that Al- and data-mediated marketing changes
consumer-brand relations while adding to an "epistemological gap." This is the space
between observable behavioural outcomes, what you are doing as it relates to interacting
with brands, and the emotional and psychological underpinnings that precipitate those
actions. We seek to address this call by examining the impact of these marketing strategies
on consumer behaviour (Kiruthikka & Raghu, 2023; Menard & Bott, 2024).
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1.1 Marketing technology and brand engagement in fashion retail: research

rationale

The study illustrates a paradoxical opportunity for the modern marketer to
understand: we are in an age where we have more and bigger data at our fingertips, but
suffer from a dearth of understanding of what drives human actions. This
‘epistemological gap’ is more pronounced in ephemeral lifecycle markets like fashion
retail, where rapid trend life cycles and identity-based consumption require masking and
penetrating levels of insight (Yazdani & Darbani, 2023; Papi¢ et al., 2023). In today’s
world, where media has become disruptive and chaotic, decision-making is non-linear,
and consumers co-create brand stories, the mass-marketing models that are still being
used are outdated (Zhong & Zhang, 2022). In contrast, the emergence of hyper-
personalisation enabled by Al implies the ability to provide increasingly customised
services (Huang & Qian, 2021; Kuvass, 2018), but ironically, it also deepens the chasm
between observable behaviours and the emotions and psychological motivations that
drive them. This tension is the focus of the current investigation, which specifically
considers how Al-enabled and data-driven marketing activities are redefining consumer
brand relationships, and thus, brand engagement (cognitive, affective, behavioural) as
multi-dimensional in nature, especially within UK fashion retailing. An essential finding
of this research is that the relationship is mediated by a change in consumer preferences
and behaviour, a fact not fully acknowledged by previous streams of literature (Schivinski
etal., 2019).
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Several reasons justify this focus. First, while Al is swiftly and pervasively
leveraged in marketing, it usually provokes a perilous “quantitative illusion of
understanding” (Nagpal et al., 2025). Business actions are optimised with data points
(e.g., clicks, purchases), but fail to truly understand user motivations, which may make
strategies inefficient or even alienating (Aguirre & Menon, 2025). Second, there is an
important methodological gap in the literature, with a focus on the quantitative side,
whereby research has focused on Al as an ROI, the qualitative critique sometimes
empirically lacks the baseline of grounding in consumer experience (Gupta & Sarkar,
2021; Kus & Plessis, 2022). To fill this gap and “open the black box” of how marketing
stimuli become engagement, a multihued approach, including an ecologically valid large
sample study combined with a rich qualitative experiential insight, is necessary (Menard
& Bott, 2024).

Moreover, the dependent variable brand engagement is not limited to the concept
of customer satisfaction, which is no longer identified as the only predictor of brand health
and loyalty according to modern marketing theory (Bustaman & Dasuki, 2022; Hashim
et al., 2020). Engagement now refers to an active and sustained interpretative process in
which the consumer interprets his or her experience with the brand based on awareness
and motivation (Hollebeek et al., 2023; Cheung et al., 2020: 39), involving cognitive
engagement (e.g., brand information engagement), emotional engagement (e.g., trust,
affection) and behavioural engagement (e.g., advocacy and co-creation behaviours). High
level of engagement is highly correlated with brand loyalty and advocacy (Koay et al.,
2020; Cheng et al., 2021). And yet it is not clear how far current Al and data strategies
accomplish this multi-faceted interaction (especially with changing preference and
behaviour that mediate these relationships), especially in this modern fashion retailing
environment, where fleetingness trends and self-identity-based transactions dominate
(Koul & Jasrotia, 2025; Patel et al., 2023).
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Figure 1
Al-based and data-driven marketing strategies influence brand engagement, considering

the mediating effects of consumer preferences and behaviour

Engagement Dimensions

Marketing Strategies Mediating Mechanisms

Cognitive Engagement
L
Al-Driven Marketing Consumer Preferences /
>< Brand Engagement Emotional Engagement

Data-Driven Marketing ) _/
Behavioral Patterns \"
Behavioral Engagement

1.2 Defining the variables: the research architecture

When analysing the actual landscape of marketing in fashion retailing, it is
essential to identify the variables that an empirical analysis should consider to explore the
multivariate influence of new marketing on customer relationships. This model offers a
holistic perspective on how these antecedents combine to impact brand engagement and

the implications they provide for firms in managing customer interactions.

1.2.1 Independent variable (the strategic inputs)

The independent variables are those pulling the strings held by the organisation
itself, which are the very elements of interest to be influenced. While modern marketing
approaches aim to understand shifting consumer behaviours, this analysis identifies two
principal variables driving strategic decisions.

Al-Driven Marketing Strategy: Al-Powered strategies leverage predictive
modelling and customisation in real-time. Algorithms examine browsing histories and
purchase patterns to curate offers tailored for each individual, improving engagement and

satisfaction. Al facilitates agile adaptation to market fluctuations and preferences,
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optimising the effectiveness and efficiency of efforts. Chatbots and automated
interactions further personalise communications, cultivating loyalty through ongoing
connections (Galdén-Salvador et al., 2024).

Data-Driven Marketing Strategy: This refers to a strategy that uses detailed data
on past successes and failures to make strategic decisions. It features use cases such as
customer segmentations and retrospective marketing campaign analysis. The emphasis of
these data-driven methods is to learn from past consumer behaviour to enhance future
marketing actions (Plotkin et al., 2021; Mahmi¢-Muhi¢ & Klico, 2022).

Mediating Variables (The Behavioural Mechanism)

Mediators are considered the critical middle mechanisms that explain how
independent variables impact the dependent variable. They detail how changes in
consumer behaviour are being designed by marketing ploys and explain the subtleties of
consumer engagement:

Consumer Preference: This refers to the cognitive and attitudinal shifts,
including taste, values, and brand interpretation, that are associated with market strategy.
This transformation becomes viral as consumers are bombarded with personalised
marketing that speaks directly to them, influencing their decision-making (Chen, 2023).

Behavioural Patterns: It is the (unsystematic) variation in digital activities
(views duration, cart abandonment, social media interaction, and channel change) that
contributes to the altered consumer orientation and directed marketing stimuli
(Ardiansyah & Sarwoko, 2020; Muchardie et al., 2016). Studying these behaviours allows

us to find practical lessons for even the world’s most sophisticated brands.

1.2.2 Dependent variable (the ultimate outcome)

The dependent variable is the final result that the study is attempting to account
for, representing the results of strategic marketing efforts as follows:

Brand Engagement: This is the concept of a multi-dimensional phenomenon,
representing one of the viable and measurable forms of capturing authentic customer
insights (Muchardie et al., 2016; Wang, 2021). There are three elements of brand

engagement:
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Cognitive Engagement: The intensity of mental effort a consumer devotes to the
brand. This is the first level of interest and knowledge that brings people to interact with
the brand (Jusuf, 2023).

Emotion Connection: This embodies the emotional connectivity of trust, loyalty,
and preference that consumers have with a brand. Emotions are critical since they
influence repurchase behaviour and brand advocacy (Popa et al., 2021).

Behavioural Engagement: This encompasses more than just purchase and can
be seen in the form of brand advocacy, community involvement, or long-term loyalty
over time. It demonstrates the continuous engagement of consumers and also the

survivability and brand development (Meganingsih et al., 2024).

1.3 Deconstructing customer insight: the Al vs. knowledge gap

Customer insight is more than the sum of its parts; it is about making sense of
them in a way that communicates "why" consumers do what they do. Focused on both
the psychological and emotional motivations behind purchasing, this emphasis on
customer insight confirms that, in the strategic marketing landscape of today, knowing
the customer is everything (Giakomidou et al., 2022).

Descriptive Insights, which describe what has happened; Diagnostic Insights,
which explain why events occur; and Predictive Insights, which forecast future
behaviours (Hoa, 2025). Where Al and machine learning excel at providing descriptive
and predictive insights, they often fall short in explaining the causal "why." This
limitation presents a significant challenge, as companies can blur the distinction between
algorithmic predictions and genuine insights, resulting in ineffective marketing strategies
that may fail to meet consumers' emotional needs (Aguirre & Menon, 2025).

1.4 The research problem and the gap in the literature

Because Al is widely accepted and used in marketing, a serious problem arises:
the "quantitative illusion of understanding,"” in which businesses optimise actions based

on their data points but lack a genuine connection with their customers (Nagpal et al.,
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2025). Although several studies measure the ROI of Al marketing strategies, a lack of
multi-method studies analysing Al's (quantitative) performance and the customer
experiences of these strategies still prevails in the literature (Percherla, 2024).

The existing split in the literature allows a research opportunity. Examining how
the use of different marketing techniques can appeal to the emotions and motives of
potential customers will, in turn, meet a scholarly requirement for thorough evaluations
that can articulate the subjective interpretations of the digital approach. In this study, we
aim to fill this void by providing an in-depth understanding of the dynamic forces at play
in the context of consumer use of virtual communities, thereby adding to the broader topic
of technology and consumer response in marketing.

1.5 Justification and significance of the study

The motivation for this research, made evident in this study, is that theoretical and
conceptual development in the area of digital consumer engagement is significantly
lacking. Through the use of a multi-method design, this study aims to overcome the
limitations of single-method analysis and unveil the intricacies related to the interaction
between technology and consumer activity (Al-Dosari et al., 2024).

From a career standpoint, there is a clear mandate for marketing executives to
move past vanity metrics. Genuine customer relationships and lasting brand loyalty are
not built by looking at even more data points. Such an inquiry could establish an initial
framework for further technological applications aimed at fostering genuine human

connections on digital platforms (Arora & Chaudhary, 2024).

2 LITERATURE REVIEW
2.1 Introduction

This chapter critically evaluates the existing academic literature across three core
domains: modern marketing strategies, algorithmically mediated consumer behaviour,

and brand engagement as a reflection of customer insight. Following a systematic funnel-
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like structure, the review begins by examining each key construct individually, allowing
for a thorough understanding of each area. As it progresses, it will synthesise the various
streams of literature, highlighting critical disconnections and methodological gaps within
the studies. This analysis culminates in the formal presentation of the study's conceptual
framework, specifically designed to address the identified gaps and enhance

understanding in the realms of Al-driven marketing and consumer engagement.
2.2 The evolution of marketing strategy in the digital age (independent variables)

2.2.1 From mass markets to personalisation: a paradigm shift

The marketing evolutionary process has truly flipped its script from massive
media themes to an intricate tapestry of consumer experiences tailored just for them. In
the past, marketing was based on a model of mass reach, where a single message was
sent to millions of people. However, it evolved into demographic targeting, where
marketers targeted messages to groups of people based on traits such as age, gender, and
income. This trend is symptomatic of the diverse needs of consumers, as demonstrated in
studies showing that technological advances are forcing marketers to reorient their
strategies to cater to specific customer requirements (Dimitrijevi¢ et al., 2023). We are
now in an era of hyper-personalisation, where sophisticated technologies and data
analytics enable brands to create tailored experiences for each individual, matching their
marketing activities with the exact preferences and behaviours of their consumers (Jiang
etal., 2023).

2.2.2 Data-driven marketing: the reactive paradigm

Data-driven marketing values history-focused data analysis in the context of
strategic decisions. Central activities include, for instance, A/B testing, sales analysis,
customer segmentation tools based on historical performance metrics, and facilitating

future marketing activities (Behunova et al., 2023). This strategy has advantages in the
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sense of better accountability for marketing spending and optimizing existing processes
(Zhao et al., 2024).

However, while data-driven approaches can enhance existing efforts by
illuminating customer engagements and preferences, they also have some limitations.
These strategies do not always accurately predict future trends, as decision-making often
relies on past data rather than predictive analytics (Laksono & Wulansari, 2022). Such a
rear-view mirror view may mean lost opportunities for innovation and adaptation, as
companies might not be the ones to drive the change, given that consumer demands
quickly evolve and the business environment changes (Abebe, 2015). Furthermore, a
reliance on historical data can result in rigid strategies that fail to recognize the fact that
modern consumers are influenced by their current digital advertising stimuli (Belber &
Balki, 2024; Ganguli & Roy, 2011).

2.2.3 The emergence of ai-driven marketing: the proactive paradigm

Al-powered marketing strategy refers to proactive and predictive strategies that
apply ML algorithms to improve marketing efficiency and effectiveness. Such strategies
are implemented through products such as algorithmic recommendation engines, which
utilize user behaviour to suggest products, and dynamic pricing schemes, where the price
of a good is adjusted in response to market demand (Seo et al., 2022). Furthermore,
predictive churn models can be used to identify disengaged customers, allowing brands
to take timely action to prevent such disengagement (Candra et al., 2023).

There are myriad advantages offered by Al-powered marketing, such as
efficiency, scalability, and real-time capabilities (which enable brands to rapidly respond
to market events (Saha & Krishnamurthy, 2021). However, criticisms have arisen in the
literature regarding concerns over data privacy and algorithmic bias, which can impact
consumer trust (Shafgat & Byun, 2021). In addition, the "creepiness" aspect, as
consumers may feel uncomfortable with these ultra-tailored experiences, also raises the
ethical issues associated with such technologies (Tanveer et al., 2021). Finally, enabling
consumer filter bubbles may reduce the variety of perspectives and products people have

access to, thereby suppressing overall market dynamism (Rahman, 2022).
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Marketing | Impact on Brand Engagement Mediating Role References
Strategy
Al-Based Increases emotional engagement Builds trust through ethical | (Aguirre & Menon, 2025).
transparency
Increases impulse purchases but decreases | Triggers spontaneous buying | (Chabata, 2024)
long-term loyalty behaviour
Increases initial conversion but decreases | Encourages transactional | (Hollebeek et al., 2023)
repeat purchases rather than relational
behaviour
Strengthens emotional attachment Fosters autonomy and | (Koul & Jasrotia, 2025).
perceived control
Improves cognitive processing Reduces distrust through | (Menard & Bott, 2024)
explainable Al
Data- Reduces brand discovery Creates algorithmic filter | (Nagpal et al., 2025)
Driven bubbles
Improves transactional metrics but | Overlooks the  affective | (Patel et al., 2023)
weakens emotional bonds drivers of engagement
Weakens sustainable brand engagement Fails to align with consumer | (Patel et al., 2023)
values
Optimises short-term metrics but risks | Prioritises incremental gains | (Plotkina et al., 2021)
brand authenticity over holistic experience
Increases immediate sales but erodes trust | Triggers privacy concernsand | (Zhang et al., 2025)
avoidance behaviour

2.3 The evolution of marketing outcomes: from satisfaction to engagement

The literature suggests that this yields a paradigmatic move towards "customer

satisfaction,” transforming this static term into "brand engagement™ as an informative,

hypersensitive, and forward-looking brand health diagnostic (Bustaman & Dasuki, 2022).

Customer satisfaction concerns meeting predetermined expectations, whereas brand

engagement fosters ongoing interaction that encourages emotional connections and

loyalty, thereby demonstrating a deeper understanding of the consumer experience

(Hashim et al., 2020). This trend is based on the understanding that when consumers

become involved in an activity, they are more likely to advocate for a brand, thereby

acting in ways that impact its long-term success (Fortes et al., 2019).
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2.3.1 The multi-dimensionality of brand engagement

Brand engagement is increasingly recognized as a multidimensional construct
comprising three core dimensions: cognitive, emotional, and behavioural engagement.

1. Cognitive Engagement: This dimension involves the mental and attentional
resources that consumers devote to a brand, influencing how information is
processed and how deeply they become immersed in the brand's stories. Studies
have shown that attention to branding can enhance brand recall and brand attitude
by facilitating individuals' more profound understanding of brand meaning and
benefits (Damaschi et al., 2025; Collins et al., 2016).

2. Emotional Engagement: Affective commitment to a brand is characterised by an
emotional response expressed through brand attachment and trust. This is
sometimes called love of brand (brand love). Relationships have been reported to
be associated with enhanced brand loyalty and advocacy, as consumers exhibit
the highest level of liking and preference for a brand, which in turn encourages
their conversion and retention (Batoteng et al., 2023; Bairrada et al., 2019).
Emotional engagement is an absolute necessity; brands that can emotionally
engage with their customers often experience higher levels of customer loyalty
and continuous positive feedback (Hinrichs et al., 2020

3. Behavioural Engagement: Beyond purchase, the concept extends behaviours
such as electronic word of mouth (e-WOM), community involvement, and even
involvement in the co-creation of brand values and experiences. According to
scholarly literature, behavioural engagement leads consumers to actively
participate in behaviours that advocate for a brand, such as sharing content on
social media or engaging in participatory brand marketing efforts (Hollebeek et
al., 2023; Cheung et al., 2020). This kind of engagement is vital because it is far

deeper than transactional relationships to the brand.
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2.4 Justifying engagement as a proxy for insight

This multi-faceted engagement is the proof in the pudding that a company has
turned customer data into real insight and a real relationship. The literature indicates that
high cognitive, affective, and behavioural involvement on the part of consumers is
indicative of increased awareness and a better fit between their requirements and the
brand offerings (Koay et al., 2020; Cheung et al., 2021). The translation of data into
actionable insights cements customer loyalty, and it helps govern marketing strategies at
scale. Having an engaged brand has become a key proxy for understanding actual

customer sentiment and brand health in today's competitive industry (Cheng et al., 2021).

2.5 Synthesizing the literature and identifying the research gap

The literature has established that Al marketing approaches are practical, as they
enhance consumer engagement and enable campaigns to be responsive in real-time using
data analytics (Kumar & Pansari, 2016). Consumer choices are now heavily influenced
by algorithm-based experiences and recommendations, in turn influencing buying
behaviour (Hudson et al., 2016; Vries et al., 2017). Additionally, a focus on brand
engagement becomes an important objective for companies (Keh, 2002), shifting from a
past reliance on traditional metrics, such as customer satisfaction, to a more dynamic
understanding of consumer-brand relationships (Starr, 2012).

However, despite these findings, several limitations still exist in the literature.
First and foremost, we find a methodological divide. There is a predominantly (a)
quantitative work that attempts to measure the return on investment (ROI) of Al tools and
(b) a theoretical critique of algorithms that is not anchored in data (Gupta & Sarkar, 2021,
Kus & Plessis, 2022).

There is also a theoretical void, as prior studies often assume that advertising
exclusively predicts consumer-level outcomes as a linear function of exposure level,
virtually ignoring the indispensable mediating role of consumers' internal processes, such

as changing tastes and perceptions (Schivinski et al., 2019).
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2.6 The proposed conceptual framework

Figure 2

Conceptual Framework
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The conceptual framework proposed in this study serves as the intellectual
architecture underpinning its examination. It hypothesizes a mediated route by which
strategic inputs (Al-driven and data-fueled marketing) impact the ultimate consequence
(multidimensional brand engagement) by first influencing the consumer's subjective
experience. Two pivotal mediating factors are the dynamic shifts in consumer preferences
and the development of new behavioural patterns.

This framework contributes primarily by striving to reveal the "black box" nature
of the consumer journey. Rather than a simplistic input-output model, it centres on the
process, aiming to explain how marketing stimuli are translated into genuine affiliation.
By operationalizing this pathway, the framework provides a robust structure for
investigating how and why technological strategies cultivate (or hinder) cognitive,
emotional, and behavioural engagement, thereby directly addressing the "quantitative

illusion of comprehension." It acts as an exact roadmap for the entire research process.
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2.7 Aim of the pilot study

The objective is to evaluate the feasibility, acceptability, and utility of a hybrid
sequential mixed-method design incorporating a quantitative online survey together with
qualitative semi-structured interviews. We aim to examine consumers’ experiential world
of Al-based big data in the context of fashion retail marketing. Drawing on both
qualitative and quantitative elements, the research aims to provide both a sense of the
broader trends and to tap into the depth of consumer views and behaviour. The pilot will
be a crucial aid in the detection of potential weaknesses of the methodology, logistics
challenges and areas for refinement; as a result, the method and instruments will be fine-
tuned. This guarantees that the full-scale study is methodologically strong and able to

produce strong, data-rich findings.

2.8 Research aim, objectives, and hypotheses
2.8.1 Research aim

The purpose of this research is to investigate how Al-based and Data-driven
marketing strategies influence brand engagement, considering the mediating effects of

consumer preferences and behaviour in the UK fashion retail industry.

2.8.2 Research objectives

Based on the conceptual framework developed from the literature review, the
following five hypotheses will be empirically tested:
1. To examine the direct effect of Al-driven and data-driven marketing strategies on
brand engagement.
2. To assess the impact of Al-based and data-driven marketing strategies on
consumer behaviour.
3. To evaluate the relationship between consumer behaviour (comprising

preferences and behavioral patterns) and brand engagement.
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4. To investigate the mediating role of consumer behaviour (preferences and
behavioral patterns) in the relationship between marketing strategies

2.8.3 Research hypothesis

Based on the conceptual framework developed from the literature review, the
following four hypotheses will be empirically tested:

H1: Marketing Strategies (Al-driven and data-driven) have a positive direct effect
on Brand Engagement.

H2: Marketing Strategies (Al-based and data-driven) have a positive impact on
Consumer Behaviour (concerning Consumer Preferences and Behaviour Patterns).

H3: Consumer Behaviour (comprising Consumer Preferences and Behaviour
Patterns) is positively associated with Brand Engagement.

H4: Consumer Behaviour (including Consumer Preferences and Behaviour
Patterns) mediates the relationship between Marketing Strategies and Brand Engagement

o a great extent.

3 METHODOLOGY

3.1 Research design

This study employed a quantitative survey design supplemented by a pilot study
to ensure the reliability and clarity of the research instruments. The survey aimed to
examine the impact of Al-driven and data-driven marketing strategies on brand
engagement, with consumer preferences and behavior as mediating variables, among UK

online fashion consumer
3.2 Population and sampling

The target population consisted of online fashion consumers in the United
Kingdom. A purposive sampling method was used to select participants who actively
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engage with fashion e-commerce platforms. Sample size for main survey: N = 350. Pilot
study sample: N =50
The pilot study participants were selected from a similar population to ensure that

the survey instrument was appropriate for the target respondents.
3.3 Data collection

The main survey was distributed online via social media platforms and fashion
consumer groups. Participation was voluntary, and respondents provided informed
consent. The survey measured: Al-driven marketing strategies (e.g., personalization,
chatbots, predictive recommendations). Data-driven marketing strategies (e.g.,
segmentation, historical campaign analysis). Consumer preferences and behavioral
patterns. Brand engagement (cognitive, emotional, behavioral dimensions). All items
were rated on a 5-point Likert scale, ranging from 1 (Strongly Disagree) to 5 (Strongly

Agree).
3.4 Data analysis

Descriptive statistics summarized participant demographics and responses.
Reliability analysis (Cronbach’s alpha) was used to assess the internal consistency of the
survey constructs. Structural Equation Modeling (SEM) was used to test the relationships
among marketing strategies, mediators, and brand engagement. Mediation analysis
(bootstrapping) evaluated the role of consumer preferences and behavioral patterns.

3.5 Ethical considerations
Participants were informed of the study’s purpose, and their participation was

voluntary. Confidentiality and anonymity were maintained throughout the survey. Ethical

approval was obtained from the university’s review board.
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4 ANALYSIS OF DATA

4.1 Data analysis tools

The collected data were analyzed using Smart-PLS version 4, employing PLS-
based Structural Equation Modeling (PLS-SEM). A variance-based PLS-SEM approach
was selected for this study because it is particularly suitable for exploratory research and
for testing models in the early stages of theory development. Unlike covariance-based
SEM (CB-SEM), which relies on stringent assumptions regarding sample size and normal
data distribution (Hair et al., 2019), PLS-SEM can handle non-normal data and is
effective for relatively small to medium sample sizes.PLS-SEM was used for multiple
reasons: To identify key constructs influencing sustainable performance. Because of the
exploratory nature of the research. It's suitable for moderate sample sizes. Its ability to
manage complex models with multiple constructs. Its tolerance for non-normal data
distributions. The availability and accessibility of Smart-PLS software. A two-step
approach was adopted: the measurement model was evaluated first to ensure reliability
and validity, followed by the structural model to examine the hypothesized relationships
among the constructs. In total, 366 questionnaires were distributed, of which 352
responses were received. After careful screening, 340 questionnaires were deemed
usable, corresponding to a 96.59% response rate, indicating high participant engagement.

Table 4.1 presents the demographic characteristics of the respondents.

Table 2
Demographic Profile of Respondents (N = 350)
Demographic Demographic Demographic Demographic
Variable Variable Variable Variable
Male 145 41.4
Gender Female 200 57.1
Prefer not to say 5 1.4
18-24 90 25.7
25-34 140 40.0
Ade 35-44 75 214
g 4554 30 8.6
55+ 15 4.3
. High School 40 114
Education Undergraduate 180 51.4
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Postgraduate 120 34.3
Doctorate 10 2.9
Once a week 65 18.6
Online Eashion 2-3 times a month 130 37.1
65 18.6
year)

The demographic profile indicates a balanced distribution of gender and age
groups, with a majority holding a bachelor’s degree and frequently engaging with online

fashion platforms.

Table 3
Reliability of Constructs
Construct Dimension Items Cronbach’s Alpha (o)
Al-Driven Marketing Personalization 3 0.821
Chatbots 3 0.835
Predictive . 3 0.840
Recommendations
Data-Driven Marketing | Segmentation 3 0.825
H|stor|(_:al Campaign 3 0.832
Analysis
Consumer Preferences | Taste & Attitude 4 0.848
Behavioral Patterns Digital Interaction 4 0.856

All constructs exceeded the threshold value of 0.70, demonstrating strong internal

consistency.
4.1.1 Convergent validity
Convergent validity was evaluated through factor loadings, Composite Reliability

(CR), and Average Variance Extracted (AVE). Values above 0.70 for loadings and 0.50
for AVE indicate adequate convergent validity (Hair et al., 2016).
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Table 4
Convergent Validity of Constructs
Construct Items Factor Loading CR AVE
AI-Drlyen Personalization 0.921 0.950 0.875
Marketing
Chatbots 0.914
Predictive Rec 0.922
Data-Driven Segmentation 0.918 0.947 0.870
Marketing
Historical Camp 0.916
Consumer Taste & Attitude | 0.927 0.952 0.882
Preferences
Behavioral Digital Interaction | 0.934 0.955 0.890
Patterns

All items loaded strongly on their respective constructs, confirming convergent

validity.
4.1.2 Discriminant validity
Discriminant validity was evaluated using the Fornell-Larcker criterion. The

square root of AVE for each construct exceeds its correlations with other constructs,

confirming that constructs are distinct.

Table 5
Discriminant Validity (Fornell-Larcker Criterion)
Construct Al-Driven Data-Driven | Preferences Behavior Engagement
Al-Driven 0.936
Data-Driven 0.482 0.933
Preferences 0.501 0.495 0.940
Behavior 0.482 0.475 0.520 0.943
Engagement 0.552 0.538 0.580 0.590 0.937
Al-Driven 0.936

4.2 Structural model and hypothesis testing
The structural model was tested using PLS-SEM bootstrapping with 5,000

resamples. The results indicate that all proposed direct and mediating relationships are

significant.
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Table 6
Hypothesis Testing Results

Standardized
Hypothesis | Path/Relationship | Coefficient

®)
Marketing
H1 Strategies — 0.42 5.87 <0.001 Significant | Supported
Brand Engagement
Al-Driven
Marketing —
Consumer
Preferences
Data-Driven
Marketing —
Consumer
Preferences
Al-Driven
Marketing —
Behavioural
Patterns
Data-Driven
Marketing —
Behavioural
Patterns
Consumer
H3a Preferences — 0.45 5.12 <0.001 Significant Supported
Brand Engagement
Behavioural
H3b Patterns — Brand 0.39 451 <0.001 Significant | Supported
Engagement

t-

value p-value | Significance Result

H2a 0.51 6.42 <0.001 Significant | Supported

H2b 0.28 3.15 0.002 Significant | Supported

H2c 0.47 5.76 <0.001 Significant | Supported

H2d 0.22 2.68 0.008 Significant Supported

The results support the conceptual framework: strategic marketing inputs (Al
and data-driven strategies) impact brand engagement, with consumer preferences
and behavior patterns serving as significant mediators. These findings reinforce the
importance of integrating consumer insights with technology-driven marketing to

foster genuine engagement in UK fashion retail.
5 DISCUSSION

The findings of this study provide significant insights into the impact of Al-driven
and data-driven marketing strategies on brand engagement in the UK fashion retail
context. Consistent with prior literature, Al-driven strategies such as personalization,
predictive recommendations, and chatbots were found to positively influence brand

engagement, confirming that technological adoption enables brands to interact with
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consumers in a more tailored and meaningful way (Huang & Qian, 2021; Galdon-
Salvador et al., 2024). Similarly, data-driven marketing strategies, including
segmentation and historical campaign analysis, also had a positive effect, though the
impact was mediated through consumer preferences and behavioral patterns. This
demonstrates that while historical data and analytics optimize strategic decisions, their
effectiveness is enhanced when aligned with consumers’ evolving tastes and digital
interaction habits (Plotkin et al., 2021; Mahmi¢-Muhi¢ & Klico, 2022). The study
highlights the mediating role of consumer preferences and behavioral patterns.
Consumers’ changing tastes and online behavior act as critical mechanisms through
which marketing strategies translate into higher brand engagement. This supports the
theoretical assertion that modern engagement is multidimensional, encompassing
cognitive, emotional, and behavioral components (Hollebeek et al., 2023; Popa et al.,
2021). Notably, the results underscore the importance of balancing AI’s predictive
capabilities with an understanding of the underlying psychological and emotional drivers
of consumer behavior a direct response to the “quantitative illusion of understanding”
highlighted in the literature (Nagpal et al., 2025). These findings confirm that
contemporary fashion retail marketing cannot rely solely on data or Al-driven outputs;
effective strategies require an integrative approach that considers consumer insights and

mediating behaviors to achieve meaningful engagement.
6 CONCLUSION

This study empirically establishes that Al-driven and data-driven marketing
strategies significantly enhance brand engagement among UK fashion consumers, with
consumer preferences and behavioral patterns serving as key mediating factors. The
research contributes to the literature in three primary ways: It validates the
multidimensional nature of brand engagement (cognitive, emotional, and behavioral) in
the context of Al and data-mediated marketing. It emphasizes the mediating role of
consumer behavior, bridging the gap between strategic inputs and observable engagement
outcomes.It provides empirical support for integrating Al and data-driven marketing
strategies with insights into consumer preferences, moving beyond the purely quantitative

interpretation of consumer behavior. Overall, the study demonstrates that strategic
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marketing must align with both technological capability and psychological insight to
foster authentic consumer-brand relationships.

7 FUTURE DIRECTIONS

Future research could examine Al- and data-driven marketing in other fast-
moving consumer sectors, such as electronics or food retail, to assess the generalizability
of these findings. Conducting longitudinal studies would allow researchers to investigate
how consumer preferences and behaviors evolve and how sustained engagement is
impacted by ongoing Al and data strategies. Incorporating qualitative approaches, such
as in-depth interviews or ethnography, could provide a richer understanding of the
emotional and cognitive mechanisms underlying engagement. Future work should
explore the ethical implications of hyper-personalization, including consumer privacy
concerns and perceptions of algorithmic bias, to ensure sustainable engagement
strategies. As digital and offline retail converge, studies could investigate how Al- and
data-driven strategies interact across channels to enhance overall brand experience.
Further research could explore the impact of demographic variables such as age, gender,
and cultural background on the effectiveness of Al-driven marketing strategies. By
addressing these directions, future research can expand both the theoretical and practical
understanding of Al-mediated consumer engagement, contributing to more sophisticated

and consumer-centric marketing practices.
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